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Dana, the meticulous head of 

compliance at OmniSure 

Insurance, had always taken pride 

in her department's consistently 

"green" risk dashboard, a 

testament to her diligent oversight. 

She is a pragmatic, by-the-book 

professional, whose entire career 

is built on preventing catastrophic 

failures. However, a seemingly 

minor, recurring anomaly in a 

legacy claims system, dismissed 

by IT as a 'harmless bug,' starts to 

hint at a deeper, systemic issue 

that could expose OmniSure to 

unprecedented regulatory fines. 

Dana must now race against the 

clock to connect the dots, risking 

her career to prove the company’s 

pristine digital facade hides a 

ticking time bomb before the next 

audit reveals the devastating truth.
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Dana runs compliance 

operations at a mid-sized 

insurer. She is a composite


of several real people, and 

everything that happens to her 

in this chapter has happened 

to someone.


Eight months ago, her 

company deployed an AI 

system to triage claims. It 

reads the file, weighs the 

evidence, and recommends a 

decision. It came with a 

monitoring suite, because 

Dana insisted on one: 

confidence scores on every 

recommendation, agreement 

checks that ask the model the 

same question several times 

and compare answers, a 

dashboard with a green-

yellow-red status for the whole 

pipeline.


For eight months, the 

dashboard was green.


Then a letter arrived from the 

regulator. A category of claims

had been decided wrongly, the 

same way, since roughly the 

second week of deployment. 


Not randomly wrong. 

Consistently wrong: the same 

class of case, the same 

incorrect outcome, again and 

again, with high confidence 

every time.


Dana did what a good 

operator does. She pulled the 

postmortem. The confidence 

scores on the bad decisions: 

high, steady. The agreement 

checks: unanimous, every run. 

The dashboard for those eight 

months: green, unbroken.


Nothing had malfunctioned. 

That was the finding that kept 

her up at night. Every 

instrument had worked exactly 

as designed. The instruments 

were simply incapable of 

seeing this kind of failure, and 

nobody had told her


that.





 

Every monitoring tool Dana 

had bought rests on one 

assumption, so deep it's


never stated: when the 

system is wrong, it will 

flicker. 


Confidence will


dip. Repeated runs will 

disagree. Something will 

wobble, and the wobble will


reach the dashboard.


So we watch for flicker. We 

treat a steady system as a 

healthy one. It's a


sensible instinct; it's how we 

read machines, markets, and 

people.


For AI decision systems, it is 

false, and it is false in the 

worst possible


place.



Here is what a controlled audit found when it 


tested this assumption directly. Researchers 


took 125 real decisions, the kind with actual 


right answers, and put an AI decision system 


through every reliability instrument Dana's 


dashboard uses: confidence scores, repeated 


sampling, systematic perturbation of the inputs.


26% of the wrong decisions were wrong 

with perfect stability.✝


Read that again the way Dana had to. A quarter 


of the errors gave the same wrong answer every 


single time they were asked. Full confidence. 


Total consistency. No flicker at all, under any 


probe. If wrongness doesn’t flicker, a flicker-


detector cannot see it, no matter how well built. 


The green dashboard wasn't lying. It was 


answering a different question than the one 


Dana thought she was asking.


Her question was: is the system right?


The dashboard's question was: is the system steady?


Those are different questions. The 

entire premise of this series is in the 

gap between them.

✝ Fatahi, R. (2026). When Does Perturbation-Based Robustness 

Testing Carry Signal? Auditing LLM Verdict Diagnostics with 

Taguchi Orthogonal Arrays. doi:10.2139/ssrn.6332878





 

You already knew this

Here's the part you won't hear from a 

vendor. If you've sat in the meeting


where someone quoted the model's 

confidence score as evidence, and felt a


small cold doubt — what does that 

number actually tell us? — you were


right. If you've watched a demo where 

the system answered the same question


identically five times, and the room 

relaxed, and you didn't — you were


right. Your instinct has been ahead of 

your instruments for a while now.


What you've been missing is not 

intelligence. It's vocabulary, and 

receipts.





Where we’re going

The Five Laws series will do 

three things, in order.


First, they finish what this 

chapter started: they take the 

two beliefs almost everyone 

holds about AI safety — the 

system can check itself, and


more logging equals more 

accountability — and retire 

them, with published


numbers, so you never lose an 

argument about it.


Second, they walk through the 

five fears you already carry 

into every AI meeting: the 

audit you couldn't survive, the 

error that never flickers, the


things the machine didn't 

show you, the teams living in 

different realities, the upgrade 

that quietly voids everything 

you certified. Each fear turns 

out to be real, measurable, 

and — this is the good news 

— structural, which means 

fixable by structure rather than 

by vigilance.


Third, they hand you the 

standard: the small set of 

questions that separates


AI systems that can prove 

themselves from AI systems 

that can only promise.


Those questions fit on one 

page. People who ask them 

sound like the


sharpest person in the room, 

because right now almost 

nobody is asking


them.


One sentence to carry out of 

this chapter, the sentence 

Dana now says in


every vendor meeting:


Stability is not 

correctness. 

The dashboard was green. The 

dashboard was measuring the 

wrong thing.


